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Abstract

The need to link marketing and firm performance has increased considerably during the past years.
It has been proposed that customer asset management could act as thislink, but the majority of the
customer asset management framewor ks based on customer lifetime cal culations have not yet been
adopted by the practitioners. This paper proposes that customer asset portfolios could provide
alternative customer asset management frameworks, and expl ores the different portfolio models
found from the customer asset management, IMP Group, and segmentation literature. The paper
proposes that in order to provide foundation for improving firm performance, customer asset
portfolio models should have a link to the shareholder value contribution, measured by economic
profit generated by the customer relationships. The results of the study suggest that customer asset
portfolio models can be applied in practice and that the optimal customer asset portfolio models
should take into account the relative economic profitability, absolute business volume and the
estimated future outlook of the customer relationships.
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Introduction

During the last years, the importance of custorsseamanagement or customer equity
management has been widely acknowledged in magkktanature (e.g. Gupta and Lehmann,
2003; Hogan, Lemon and Rust, 2002; Kumar, LemonRardsuraman, 2006; Rust, Lemon and
Zeithaml, 2004), and it has been suggested thabmes asset management could be the link
between firm performance and marketing (e.g. Beegat. 2006; Gupta, Lehmann and Stuart,
2004, Stahl, Matzler and Hinterhuber, 2003). Ec@dinis emphasis, for example the Marketing
Science Institute has listed ‘impact of customeritycpn firm value’ as one of their primary
research priorities for 2006-2008.

Yet, the majority of the proposed customer assetagement frameworks remain as conceptual
ones, not tested empirically. One reason for thke ¢d empirical research might be that many
customer asset management studies are based watihematical optimization of the customer
lifetime value of all customers in the customerehdsading to extensive calculations (e.g. Blatber
and Deighton, 1996; Hogan et,&002; Pfeifer, Haskins and Conroy, 2005; Ryalkr#Xx, 2005).
Only few researchers (Dhar and Glazer, 2003; Johard Selnes, 2004) have investigated the use
of customer portfolios as an intermediate use afyais, even though customer portfolios could
lessen the calculation and estimation burden afgsiociated to customer asset management
models.

There is a body of research on customer portfamslucted in the IMP Group (e.g. Campbell and
Cunningham, 1983; Fiocca, 1982; Zolkiewski and Buth 2000, Zolkiewski and Turnbull, 2002)
and on customer segmentation (e.g. Dibb and Sirgki@1; Dickson and Ginter, 1987; Piercy and
Morgan, 1993; Sausen, Tomczak and Herrmann, 200%,\¥978). However, these lines of
research have mostly been conducted separatelydustomer asset management literature.
Understanding the relationship between segmentatidrcustomer portfolio models, as well as
their differences, could considerably enrich theent customer portfolio research.



The purpose of the study can be divided into tipaés: 1) discuss the similarities and differences
between customer portfolio models in IMP literajunastomer portfolio models in customer asset
management literature and segmentation modelsedjecalternative customer asset portfolio
models with different levels of complexity, aimeidpeoviding a foundation for increasing firm
performance, and 3) empirically test the createdaruer asset portfolio models and explore their
differences.

Customer asset management - maximizing the returnmdm customer relationships

Customer asset management can be defined as thezepk use of a firm’s tangible and intangible
assets in order to facilitate as profitable curesnd future customer relationships as possible
(Hogan, Lemon and Rust, 2002). Even though the nityajaf the researchers seem to concur with a
definition along similar lines, customer asset ng@maent is no cohesive school of thought. On the
contrary, the very definition of the customer assgies from one researcher to another. Blattberg
and Deighton (1996) define customer asset as theo$@ll discounted profits from all customers
of the company. Hogan, Lemon and Rust (2002) expaadefinition made by Blattberg and
Deighton (1996) by stating that a company’s custamsset is derivative of both the existing and
potential customer assets. Both of these examikittns see that the customer asset is a figure,
the amount of money that can be made from the cuared prospective customer relationships. In
this study it is proposed, however, that the custoasset is defined as the customer relationships
the company has and will have with its customehe elationship is a fruitful unit of analysis
compared to a financial figure: by managing thatrehship the financial outcome of the
relationship can be affected.

The customer asset management literature can lmkediinto at least to two schools with different
underpinnings and aspirations: the marketing efficy school and the finance-marketing interface
school. The marketing efficiency school (e.g. Blatg and Deighton, 1996; Hansotia, 2004; Rust,
Lemon and Zeithaml, 2004; Thomas, Reinartz and Kug@04) are mainly interested in
optimizing the use of various marketing instrumeatsfluence customers’ perceptions and thus
behaviour, which ultimately leads to increased @ugr profitability in the long run. Often these
studies discuss finding the right balance betwhlerctistomer acquisition and customer retention
investments. The marketing-finance interface sckeg. Dhar and Glazer, 2003; Hogan et al.,
2002; Ryals and Knox, 2005; Selden and Colvin, 20@hkatesan and Kumar, 2004) takes a
different view on customer asset management thremgrketing efficiency school, as it does not
limit customer asset management activities to enstacquisition and retention — the value of an
existing customer relationship can also be inceb#s®ugh e.g. cross and up-sales, reduced
customer relationship management costs and reduagetal employed.

Regardless of the school of thought, the core sfaruer asset management is directing the right
customer asset management activities to the rigdgtbmers in order to maximise the return from
customer relationships. Fundamentally, there aceviays of directing customer asset management
activities: mathematical optimization approach anstomer asset portfolio approach. The
mathematical optimization approach starts by calouw the lifetime value for all customers in the
customer base (customer lifetime value, CLV). Basethis information, the available customer
asset management activities are directed to custoimsuch way that the CLV for each customer



iIs maximized (e.g. Blattberg and Deighton, 1996ltdg Lemon and Verhoef, 2004; Gupta,
Lehmann and Stuart, 2004; Hogan et2002; Pfeifer, Haskins and Conroy, 2005; Ryalkr#X,
2005; Stahl, Matzler and Hinterhuber, 2003). Ondter hand, in the customer asset portfolio
approach the customers are divided into portfdiased on their characteristics and the customer
asset management activities are directed to theegdrtfolios at the same time, thus simplifying
the needed calculations to some extent (Dhar aadeB12003; Johnson and Selnes, 2004).

Customer portfolios in different research traditions — foundations and uses

The most influential works on portfolio managemenne from the domains of finance. Modern
portfolio theory (Markowitz, 1952; Sharpe, 1964§ahe capital asset pricing model (Litner 1965a,
1965b; Sharpe, 1964) have been created to assesskland return of financial instruments. These
theories discuss the optimal allocation of investhasset portfolio and suggest that investors aim
to maximize returns for a given risk level and taaequired return can be calculated to all risk
levels. Already in the early 1970’s the portfoliortking was adopted to the literature and practice
of general management. The first managerial apmita of modern portfolio theory are the
product and business portfolios. In their artitdénd and Mahajan (1981) provide an overview of
nine business and product portfolio frameworks kizat gained acceptance either in the academia
or among the practitioners. These portfolio framewaan be classified into three groups: product-
based matrices (BCG growth/share matrix, McKins&/hBsiness assessment array, business
profile matrix and discretional policy matrix), 8sic-based models (conjoint analysis based
approach & analytic hierarchy process) and finamased models (risk/return model, stochastic
dominance approach).

All customer asset management literature is bargti@notion that the value capture from
customer relationships to the provider varies faurstomer to customer and that this value can be
actively managed. All customer asset managemeearesers also agree on the fact that the future
cash flows from the customers are always uncert@rg is an innate risk concerning the future
returns on customers. This idea of future reveroes multiple assets that are subject to risk
creates a logical link to the modern portfolio theand capital asset pricing model. Some
researchers have also approached the customenamsaegjement from portfolio perspective. Dhar
and Glazer (2003) propose that customer relatipsstii a company should be managed as an
investment portfolio and that both the individuastomer relationships and customer segments
should be analyzed based on their level of retathresk — analogously to investment instruments.
By balancing customer relationships and segmestsdimpany seeks to maximize its overall return
without exceeding firm’s tolerance for risk. Johnsmd Selnes (2004) take slightly broader view
on customer portfolios: they argue that the custaseet management frameworks must take into
account the accumulated effect that the numbeustbmers has on economies of scales and the
resultant cost structure of competing firms.

Another body of research on relationship portfotias be found from the domains of Industrial
Marketing and Purchasing Group (IMP Group). Sevesdarchers have presented customer
portfolios (e.g. Campbell and Cunningham, 1983; iDsiky and Ingram, 1984; Fiocca, 1982;
Zolkiewski and Turnbull, 2000; Zolkiewski and Tunil 2002; Yorke and Droussiotis, 1994)
while others have focused on supplier portfoliog.(Krapfel, Salmond and Spekman, 1991). Also
the customer portfolios presented by the reseascis=ociated to the IMP Group are descendants



of modern portfolio theory (Markowitz, 1952). Duethe same origins, fruitful insights could be
derived by facilitating a dialogue between custoasset management and IMP Group scholars.
Also the existing relationship portfolio models ated by IMP Group researchers focus mainly on
the conceptual development of portfolio modelsyvewv of the relationship portfolio models have
been tested empirically; the study by Yorke andu3siotis (1994) being one of the exceptions.

Extensive literature also exists on the subjecegimentation (e.g. Dibb and Simkin, 2001; Dickson
and Ginter, 1987; Piercy and Morgan, 1993; Saubemczak and Herrmann, 2005: Wind, 1978).
At first, both segmentation models and custometfplayr models seem to be almost synonyms:
both approaches aim at dividing a customer basesmaller and informative sections in order to
facilitate better decision-making and resourcecallmon. However, the theoretical foundations of
the approaches are quite different. Segmentatisntfi@oots in cluster analysis. The goal of the
majority of cluster analysis procedures is findug® which are both internally cohesive
(homogeneous) and externally isolated (heteroges)delg. Anderberg, 1973; Cormack, 1971).
Traditionally, segmentation is an effort done tckta the demand heterogeneity inherent in all
customer bases. The ultimate segments are asathiffas possible from each other, but as
homogeneous as possible within. With the help es¢thomogeneous segments a firm can better
optimize its marketing activities as all the custwsnwithin one segment are expected to respond to
the marketing activities in the same way. The ioleasing segmentation to match the
heterogeneous need in the market with the heteemgsresources of the firm was already
discussed by Alderson (1957, 1965), and more rckbntHunt and Morgan (1995) and Priem
(1992). Customer portfolios, on the other hand ghthreir roots in the modern portfolio theory
(Markowitz, 1952) and capital asset pricing modgtingr 1965a, 1965b; Sharpe, 1964).
Additionally, the customer portfolio models do iotus that much on the demand heterogeneity in
the customer base but on the financial resultbatftieterogeneity: the aim is to optimize the value
of the customer asset, not individual marketingvas.

Deepening the understanding the relationship betwegmentation and customer portfolio models,
as well as their differences, could considerablyclrthe current customer portfolio research. In
Table 1, the theoretical domains and main objestofecustomer asset management portfolio
models, IMP relationship portfolio models and segtagon models are briefly summarized.

IMP relationship

CAM portfolio models portfolio models

Segmentation models

Theoretical Modern portfolio theory Modern portfolio theory Cluster analysis
background
Main Manage customer portfolio | Provide tools to manage Find internally homogenous
objective for maximized return relationship portfolios (not and externally
limited to return heterogeneous groups
maximization) within customer base to

maximize the effectiveness
of marketing activities

Table 1. Summary of the different portfolio models



Conceptual framework

The aim of the study is to create alternative qustoasset portfolio models with different levels of
complexity, aimed at providing a foundation forreasing firm performance, and to test them
empirically. The notion that improving firm’s finaral performance is the main objective of
marketing is been acknowledged by various resees¢bey. Day and Fahey, 1988; Doyle, 2000;
Kumar and Petersen, 2005; Srivastava, Shervankahey, 1998; Zou and Cavusgil, 2002). There
are, however, several different measures for fieriggmance ranging from discounted future cash
flows (e.g. Black, Wright, Bachman and Davies, 19R8ppaport, 1998) to Tobin’s q (Anderson,
Fornell and Mazvancheryl, 2004; Lewellen and Baathn1997; Tobin, 1969). In this paper it is
argued that the optimal firm financial performaieltimately judged by the shareholders of the
firm. Thus, the optimal firm financial performanisereached when the shareholder value is
maximized in the long-term. To put it simply, sHavkler value is created when a company
generates earnings on invested capital in excetbeaost of capital adjusted for risk and timeg.(e.
Black, Wright, Bachman and Davies, 1998; Rappad®®8; Stewart, 1991). Due to this fact,
economic profit was chosen as the proxy of firnfgr@nance due to its favourable characteristics:
it acknowledges both the operating and financigleases, it allows individual customer
relationship level analysis, and empirical evidesicews that positive economic profit leads to an
increase in shareholder wealth (Bacidore, BogM#hourn and Thakor, 1997; Kleiman, 1999).
Therefore, all proposed three portfolio models hes@nomic profit as one of their fundamental
dimensions.

The three tested customer asset portfolio modelsfadifferent levels of complexity. The first one,
cumulative economic profit portfolio model, is based on the cumulative economic profit
contribution analysis, building on the work doneSigrbacka (2000) on customer profitability. The
cumulative economic profit contribution analysiseatively simple tool: the economic profit
created by each customer is calculated and cussoaneplaced in descending order — starting with
the customer with the largest economic profit angstiing with the customer with the lowest
economic profit.

The cumulative economic profit portfolio model riésuo three different portfolios: “Margin and
cash flow”, “Risk management” and “Capacity optiatinn”, all formed based on the projected
characteristics of the typical customer relatiopskand the economic profit contribution in
different portfolios. “Margin and cash flow” portfo consists of large volume customer
relationships that all create positive economidiprdhus, the main objective of this portfoliotis
maximize the available margin and cash flow froesthcustomer relationships. “Risk
management” portfolio on the other hand consis&s gifeat number of small business volume
relationships that each individually had an ecormopnofit contribution close to zero. Based on
these characteristics, the main objective of tbigfplio is to reduce the overall business risks by
reducing the interdependencies in the customer dragéy using the small-volume customer
relationships as a buffer against business cyaiati@ns. “Capacity optimization” also consists of
large volume customer relationships, but unlike@uer relationships in “Margin and cash flow”
portfolio, these customer relationships create tregy@conomic profit. The objective this portfolio
is to use the negative economic profit generatutgdrge-volume customer relationships to
optimize the capacity utilization of the producti@ailities and thus reduce the average cost level
of operations by reducing the fixed and capital p&s production unit.
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Figure 1. Cumulative economic profit portfolio model

Cumulative economic portfolio model lacks, howetbeg forward-looking qualities called
by e.g. Zeithaml et al. (2006). In the two remagnportfolio models the need for forward-looking
qualities is solved in alternative ways. The secpodfolio modelreturn-risk-volume portfolio
model, is a direct descendant of modern portfolio thgdgrkowitz, 1952) with its dimensions of
economic profit percentage, economic profit voiigtihnd sales volume. It is important to notice,
that the second portfolio model deviates from #temn-variance model proposed by Markowitz
with one notable exception: it separates ‘retunto irelative profitability level (economic profit
percentage) and absolute business volume (salesedl This deviation is needed due to the innate
differences of customer relationships and investrimstruments as investment targets. According
to modern portfolio theory, it is possible to idénbne single efficient investment portfolio that
maximizes the return on a given risk level. Howetae characteristics of customers as assets do
not allow similar mathematical optimization of agle portfolio. The investment volume and the
acquisition or divestment of investment instrumesats be solely decided by the investor. These
fundaments of efficient markets do not, howeveplyfo customers as investment targets as both
the volume in customer relationships as well asistiipn of new or termination of old customer
relationships depends both on the company andustermer. Due to these limitations, a purely
mathematical optimization of the entire customesebia impossible. The return-risk-volume
portfolio models generates eight different portislwith different combinations of return, risk and
volume levels; e.g. low return + low risk + low uahe portfolio, high return + high risk + high
volume portfolio and so forth.
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Low [~ High ¢
Low »

Low High
Return

Figure 2. Return-risk-volume portfolio model



The third portfolio modelgpread-duration portfolio model, is built on the concepts of spread and
duration, often used by bond investment professsofeag. Leibowitz, Kasker and Nozari, 1990).
Spread illustrates the yield of a bond compareal donilar non-risk government bond at the
specific moment in time. If the bond gives a higyietd than the government bond, the spread is
positive — and vice versa. Duration, on the otlard is the weighted average maturity of a bond's
cash flows. If the bond bears no coupon paymerisnd with a maturity period of years has
duration ofn years. If there are coupon payments, the duratibbie less tham years. In this
study, spread equals economic profit percentagkewhe duration is an approximation of the time
over which the firm expects to maintain positiveesa in a particular customer relationship. As it
is not possible to create a mathematical formudé ¢hlculates the actual duration in terms of time
for all customer relationships, the duration habdastimated by using an index as a proxy. A
suitable duration index would consist of measuetsted to risks related to the customer
relationship.

The spread-duration portfolio model creates fotfedént portfolios. “Growth” portfolio consists of
customers with high current spread and high eséichdtiration. “Margin and cash flow” portfolio
consists of customers with high current spreaddwtestimated duration. “Capacity optimization”
portfolio consists of customers with low currentega but high estimated duration. Finally,
“Monitor” portfolio consists of customers with logurrent spread and low estimated duration.

< Margin and
% cash flow Growth
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Figure 3. Spread-duration portfolio model

The three proposed customer asset portfolio matelsummarized in Table 2.

CumlFJ)Irzztfli\;emeocgglomlc Returnr;:gs;é\l/olume Spread-duration model

Economic . . . :

rofit Absolute economic profit Relative economic Relative economic
gimension P profitability profitability (spread)
Elrjit;nrteé d N/A Volatility of absolute Duration of positive spread
dimension economic profit (in practice: duration index)
Business
volume N/A Absolute turnover N/A
dimension

Table 2. Summary of the proposed customer asset portfolio models



Empirical research

The empirical material was gathered in one cas#yditm, operating internationally in forestry
products business and headquartered in Europestliig focused on a customer base of 1094
individual B2B customers, served by six differeattbries. The investigation period was two years,
from the beginning of 2005 to the end of 2006. €hwirical material was gathered from two main
sources. The customer specific information on sabbsmes, tonnages and earnings before
depreciation, interests and taxes (EBDIT) was ctdlg from the corporate databases. The
information needed to create the duration indexterspread-duration portfolio model was
collected by questionnaires send to 52 sales masnafee return rate of questionnaires was 100%.

The three alternative customer asset portfolio fsogi®posed in the conceptual framework were
tested with the same data from the case study Titta.empirical research deviated from the
conceptual framework only in one occasion: instafagconomic profit proposed in the conceptual
framework as the proxy of firm financial performana the case study earnings before
depreciation, interests and taxes (EBDIT) was usste¢ad. This deviation from the conceptual
framework was imposed by the inconsistent datahysipal asset value: some of the physical
assets had already been depreciated from the leadtueet and there were no consistent approach
within the case study company to valuate such sislsethe absence of reliable asset valuation, the
calculation of economic profit was not feasibleisTthallenge was taken into account by
estimating an EBDIT percentage (EBDIT 19%) thategponds with economic profit level of zero.
This was then used to recalibrate the customet psstolio models in such a way that they
illustrate the economic profit creation of the auser base, even though the actual economic profit
was not calculated.

The customer asset portfolio models were creatassing a data from 440 customers. 654
customers were omitted from the analysis for antheffollowing three reasons. First of all, some
customers were omitted from the analysis as theth@ases from the case study firm were too
small and irregular for the sales managers to coralveliable duration index assessment for the
spread-duration portfolio models. The second redsoomission emerged if the customer had
started the business with the case study firm duhe investigation period. Third, only those
customers that were active during the entire ingasbn period were included in the analysis. In
order to compare to which kinds of portfolios thdividual customers were allocated based on the
different models, 20 test customers were seleeedamly from the customer base. The allocation
of these test customers in different models was kalysed.

Cumulative EBDIT model

The total EBDIT contribution of the customer bas006 was 167,614,287 euros. The first
portfolio (“Margin and cash flow”) consisted of thastomers who contributed to the cumulative
EBDIT growth by at least 0.2 percent (107 customdnse third portfolio (“Capacity

optimization”) consisted of the customers whose EB&bntribution was negative (22 customers).
The second portfolio (“Risk management”) consisiethe customers with contribution to the
cumulative EBDIT growth between 0.19 and 0.0 per¢ghl customers). The resulting portfolios
of the cumulative EBDIT model are illustrated inbl&3.



\ Portfolio | # of customers | Total EBDIT

Margin and cash flow 107 147 247 073
Risk management 311 25 068 084
Capacity optimization 22 -4 700 870

Table 3. Summary of the cumulative EBDIT model portfolios

Retur n-risk-volume model

When forming the return-risk-volume model, decisitvad to be made about the threshold values
of return, risk and volume: when would a figuredeemed “low” and when “high”. In the study,
the return was measured with EBDIT percentage. HBBlel of 19% was selected as the
threshold value as this was estimated to be eqnv#éb the economic profit level of 0%. Therefore
all customer relationships generating an EBDIT &b®% were estimated to contribute positively
to overall economic profit creation. The risk wasasured by the change in absolute EBDIT from
year 2005 to 2006. Customer relationships with EBEHange exceeding 50% were regarded as
high risk relationships. Finally, turnover was oioss the proxy of business volume. The mean
value of turnovers generated by different custoraktionships was 1,075,950 euros in 2006. All
customer relationships generating a turnover béhasvthreshold level were regarded as low
volume relationships. The resulting portfolios loé return-risk-volume model are illustrated in

Table 4.

\ Portfolio | # of customers \ Total EBDIT \
High return, high risk, high volume 35 70 871 597
High return, low risk, high volume 5 2 631 808
High return, low risk, low volume 13 1729 563
High return, high risk, low volume 21 2 807 869
Low return, low risk, low volume 32 1 668 502
Low return, high risk, low volume 154 5 154 693
Low return, high risk, high volume 150 71766 192
Low return, low risk, high volume 30 10 984 063

Table 4. Summary of the return-risk-volume model portfolios

Sporead-duration model

When creating the spread-duration model, the sadgement was done concerning the threshold
level for economic profit percentage (i.e. spreasl)n return-risk-volume model: all customer
relationships generating an EBDIT above 19% weganded as high spread relationships. The
duration of customer relationships was estimatedrbgting an index illustrating the strength of
customer relationships and risks involved in themthis particular case the duration was assessed
by looking into 13 parameters: payment behaviaditrating, production fit, inventories kept by

the case firm for the customer, share of custonmr&ness volume, relationship strength, openness
towards cooperation and information sharing, cdrieae@! at the customer, customer’s purchase
behavior, number of product types purchased, gr@etantial in relationship, expected future
purchases, and profitability trend in the futurd.plarameters were given a score from 1 to 5. The



index was calculated by giving equal weights tqpallameters. In the study it was decided that the
top 33% of customer relationships based on thetidarandex were deemed as high duration
customer relationships while the remaining 67% Walelled low duration relationships. The
resulting portfolios of the spread-duration model ilustrated in Table 5.

| Portfolio \ # of customers | Total EBDIT \
Growth 18 24 474 525
Margin and cash flow 56 53 566 311
Capacity optimization 123 52 486 191
Monitor 243 37 087 260

Table 5. Summary of the spread-duration mode portfolios
Comparison of portfolio models

All the created alternative customer asset podfoibdels were tested with the data from the single
case study firm. This enabled effective comparsitihe chosen portfolio models: it was possible
to compare to which kinds of portfolios the indivad customers were allocated based on the
different models. The summary illustrating the &#d portfolios for the randomly selected 20 test
customers is presented in Table 6.

| Customer \ Cumulative EBDIT model | Return-risk-volume model \Spread-duration model \

A Risk management Low-Low-Low Monitor
B Risk management Low-Low-High Monitor
C Risk management Low-Low-High Capacity optimization
D Risk management Low-High-Low Capacity optimization
E Risk management Low-Low-High Monitor
F Risk management High-High-Low Growth
G Risk management Low-Low-Low Capacity optimization
H Capacity optimization Low-Low-High Capacity optimization
I Risk management Low-Low-Low Monitor
J Risk management Low-Low-High Monitor
K Risk management Low-Low-Low Monitor
L Risk management Low-Low-Low Capacity optimization
M Risk management Low-High-Low Monitor
N Risk management Low-Low-High Capacity optimization
O Risk management Low-Low-Low Monitor
P Risk management Low-Low-High Capacity optimization
Q Risk management Low-Low-Low Monitor
R Risk management Low-Low-Low Monitor
S Margin and cash flow Low-Low-High Capacity optimization
T Capacity optimization Low-Low-Low Monitor

Table 6. Comparison of different customer asset portfolio models

As can be seen from Table 6, there are considedifiideences between the different customer
asset portfolio models. Several high volume custamlationships were allocated in cumulative
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EBDIT model in “risk management” portfolio which the conceptual framework was defined as
consisting of small-volume customer relationshifss illustrates the fact that the profitability or
economic profitability of large-volume customerat@nships can be close to zero: profitability and
turnover do not necessarily correlate. Therefooait be concluded that if risk management through
small-volume customer relationships is neededctimeulative EBDIT or economic profit model is
not sufficient.

It is also interesting to notice that the only tasstomer allotted in cumulative EBDIT portfolio
model in “Margin and cash flow” portfolio was alktted into very different portfolios in both
return-risk-volume and spread-duration portfoliodals (“Low-low-high” and “Capacity
optimization” respectively”). This is mainly exptead by the fact that the cumulative EBDIT model
is based on the absolute profitability as the otiverportfolio models take relative profitabilitg a
their starting points. The same limitation with @lloge profitability versus relative profitabilitynd
business volume is echoed in the customer allotidile “Capacity optimization” portfolio in the
cumulative EBDIT model. The other test customenttdd to this portfolio is actually a low-volume
customer, not a high-volume customer predictethénconceptual framework, that just happens to
generate considerable absolute loss. It couldetbes, be considered that both relative profitapili
and absolute profitability / business volume shdaddncluded in the optimal portfolio model to
ensure more comprehensive view on the customerar$aips in the customer base.

The most interesting findings come, however, framparison of return-risk-volume portfolio
model and spread-duration portfolio model. Theeerar differences among the test customers
regarding the return dimension of the return-riskame portfolio and spread dimension of the
spread-duration portfolio. This was as expecteloadls these dimensions were assessed with
EBDIT percentage. Comparing the risk dimensiorhefrisk-return-volume portfolio and the
duration dimension of the spread-duration portfolimgs surprising findings. In the conceptual
framework, both these dimensions were explaineddicate the future risks involved in the
customer relationships. This argument seems to thaédwhen comparing the ‘Capacity
optimization’ (low spread, high duration) customimn the spread-duration portfolio to the
assessments of the same customers in the retiraalisme portfolio: out of 8 ‘Capacity
optimization’ customers, 7 were also assessed tovireisk relationships also by the return-risk-
volume portfolio model. However, the results of garing ‘Monitor’ (low spread, low duration)
customers from the spread-duration portfolio togdbkgessments of the same customers in the
return-risk-volume portfolio indicate entirely déffent situation: out of 11 ‘Monitor’ customers, 10
were assessed to be high-risk relationships.

Such contradictory findings seem to indicate aesysttic error in the used models. It seems that the
duration index created by the case study firm adme®nly assess the risks involved in the customer
relationships; it also uses parameters that caergldh current and future business volume. This
hypothesis is supported when the business voluri&somitor’ and ‘Capacity optimization’

customers were assessed: 8 out of 11 ‘Monitor'’arusts were assessed to have lower than average
business volume, while 5 out of 8 ‘Capacity optiatian’ customers were assessed to have higher
than average business volume — even though theptuat spread-duration portfolio model does

not take business volume into account at all.
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Conclusions and implications for further research

The need to establish the link between marketirtyfimn performance is unlikely to grow any less
important in the future. Several authors (e.g. Berd al. 2006; Gupta, Lehmann and Stuart, 2004;
Stahl, Matzler and Hinterhuber, 2003) have propdsaticustomer asset management could be the
needed link between marketing and firm performa@eerently the majority of customer asset
management models are based on customer lifetitne @LV) calculations. However, customer
asset portfolio models provide an interesting aléve to CLV models — not least due to the fact
that the calculations needed to create customet pesgtfolio models are usually less demanding
than the ones required by the CLV models, thus ngatiem more appealing to the practitioners.

In the present study three alternative customeat gestfolio models were created that all were
aimed at providing a foundation for increasing fiperformance: cumulative economic profit
portfolio model, return-risk-volume portfolio modahd spread-duration portfolio model. After the
conceptual formulation, the customer asset podfwlodels were tested empirically by using a data
from the same case study firm.

The results of the empirical research seem to atdithat the cumulative economic profit portfolio
model is inferior compared to the other two avddahodels due to the fact that it does not include
dimensions illustrating the relative profitability customer relationship or dimensions that provide
insight about the future of the customer relatigpshThese two shortcomings are amended in the
return-risk-volume and spread-duration portfoliodals. Even though the duration index created
by the case study firm does not follow the concalpiitamework to the detail, it can be argued that
the findings of the study show that both the retisk-volume portfolio model and spread-duration
portfolio model open interesting possibilities béwh academic researchers and practitioners.

Return-risk-volume customer asset portfolio mo@elnss to be the most interesting portfolio model
to develop and test further for two reasons. ffstl, it is the only portfolio model that take®o
account the absolute business volume of custortegramships. Second, the return-risk-volume
portfolios can be created by using quantitativadestually available in corporate databases, as
opposed to spread-duration portfolio model thatireg an extensive human component both in
creating a suitable duration index and in gathetivegneeded qualitative data. Return-risk-volume
portfolio model should in further studies be invgsted with longer investigation periods than two
years to create more reliable view on businessmweluolatility. Additionally, the conceptual
return-risk-volume framework could be elaborateditsgussing the potential roles of the portfolios
in the model.

Regarding the spread-duration customer asset pontfimdel, further research could be called upon
in investigating the duration aspect of spread-ilmgportfolio model. The index used in the case
study firm was created under influence of managpriessures, so in further studies it could be
linked more strongly to the theoretical discussiarrisk in the customer base.
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